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ABSTRACT. Background: This paper aims to investigate the relationship between big data capability (BDC) and

supply chain performance (SCP), and to examine the mediating role of supply chain resilience (SCR) and the moderating 

role of environmental uncertainty (EU) on the relationship between BDC and SCP. Drawing on the dynamic capability 

view and contingency theory, the study developed and tested a conceptual model with empirical data, clarifying the effects 

of BDA on SCP, the mediating effects of SCR and the moderating effects of EU.  

Methods: The primary survey data of 232 responses were collected from supply chain managers of manufacturers in China. 

The data were analyzed by employing SPSS and AMOS, and hierarchical regression was used to test the hypothesis. 

Results: The study found that BDC and its three dimensions have a significant impact on SCP, with a partial mediating 

role for SCR. Additionally, environmental uncertainty significantly moderates the relationships between BDC and SCR

and between SCR and SCP. 

Conclusions: The results indicate the growing role of big data in supply chain resilience and performance, especially for 

small and medium-sized firms. Manufacturing companies should accelerate the development of supply chain resilience 

management systems and enhance their ability to cope with environmental changes. Managers should also be alert to the 

risks of changes in the external environment and allocate appropriate resources to mitigate environmental uncertainty and 

adapt to environmental changes. Limitations and further research directions are also provided in the paper. 

Keywords: Big data capability; Supply chain resilience; Supply chain performance; Environmental uncertainty. 

INTRODUCTION 

Big data plays a critical role in solving 

problems in operations, and the term does not 

simply mean a huge amount of data (Wamba et 

al. 2015). Insights can be extracted from data to 

enhance decision-making capabilities (Chen, 

Chiang, and Storeyet 2012; McAfee and 

Brynjolfsson 2012). Existing studies mainly 

focus on the level of individual firms, discussing 

the important impact of big data capability (BDC) 

on business model innovation (Mikalef et al. 

2020; Ciampi et al. 2021), strategic decision-

making (Kache and Seuring 2017; 

Ghasemaghaei and Calic 2019), firm 

performance (Akter et al. 2016; Wamba et al. 

2017), and competitive advantage (Dubey et al. 

2018). Moreover, organizations are becoming 

increasingly digital, and a large volume of data is 

being generated in their supply chains (Wang et 

al. 2016). Firms cannot formulate a supply chain 

management strategy without the support of 

BDC. Specifically, BDC reduces uncertainty by 

enhancing access to information and generating 

knowledge (Chen et al., 2015; Gnizy 2019).

BDC contributes to supply chain management, 

providing a better understanding of customer 

behavior, higher visibility and transparency of 

the supply chain (Baryannis et al. 2018), and 

improved operational efficiency while 

eliminating supply risks (Kache and Seuring 
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2017) and improving the performance level of 

the supply chain (Li et al. 2016). While many 

firms enhance BDC to extract new insights and 

create new forms of value, other firms have yet 

to leverage big data to transform their supply 

chain operations (Sanders 2016). The authors 

argue that there is a need for more empirical 

research explicating the mechanisms through 

which BDC effects are diffused to improve SCP. 

Supply chain resilience remains a key 

managerial challenge affecting the performance 

of organizations (Brandon-Jones et al. 2014). 

Since the outbreak of COVID-19, along with the 

changes in the global supply and demand 

relationship, the vulnerability of the supply chain 

has been gradually exposed, supply chain 

disruptions have occurred frequently, and the 

global industrial supply chain has nearly 

collapsed. The havoc the pandemic created 

challenged the way that firms manage their 

supply chain processes. It has been proven that 

without maintaining a stable supply chain in the 

face of unprecedented changes, firms cannot 

maintain normal production and operational 

activities. The more resilient the supply chain, 

the less the impact of the pandemic (EI Baz and 

Ruel 2020). Therefore, building supply chain 

resilience (SCR) is increasingly recognized as an 

effective strategy to address supply chain 

challenges, risks, and disruptions (Chunsheng et 

al. 2019; Zhou et al. 2022). In the post-COVID-

19 era, to cope with the impact of environmental 

uncertainties and supply chain disruption, SCR 

has become the core capability of firms to 

survive and compete in the changing landscape 

(Jüttner and Maklan 2011). There is a consensus 

among industrial firms that it is necessary to 

improve SCR (Brusset and Teller 2017). The 

current challenge faced by firms is how to build 

up a more resilient supply chain to manage and 

minimize risks. The existing literature shows that 

emerging information technologies such as BDC 

(Singh and Singh 2019), artificial intelligence 

(Belhadi et al. 2021; Gupta et al. 2021), and 

blockchain technology (Min 2019) have great 

potential in supply chain risk analysis (Ivanov, 

Dolgui, and Sokolov 2018), which can reduce the 

difficulty of information processing and improve 

the recovery efficiency of supply chain breakage 

by strengthening information processing 

capability. At the same time, the supply chain 

visualization facilitated by information 

technology helps firms to identify the potential 

supply chain fracture risk (Rajagopal 2016), thus 

improving the resilience of the supply chain (Xu 

et al. 2020). Firms with an extensive utilization 

of digital technologies can operate with more 

resilience due to improved visibility and 

coordination (Ivanov, Blackhurst, and Das 2021; 

Alvarenga et al. 2023). BDC is playing an 

increasingly important role in enhancing the 

resilience of supply chains, strengthening digital 

adoption, and addressing operational crises (Bag 

et al. 2021; Bahrami and Shokouhyar 2021; 

Gupta et al. 2022). However, although some 

research has affirmed these direct effects, little is 

known about the mechanisms that act in the 

relationship between the BDC, resilience, and 

performance. Against this backdrop, the current 

study attempts to answer the following questions: 

RQ1. Does big data capability have a 

positive impact on supply chain resilience? 

RQ2. Does SCR play a mediating role in the 

relationship between BDC and supply chain 

performance? 

RQ3. How does environmental uncertainty 

moderate the relationship between BDC, SCR, 

and supply chain performance? 

In addressing and answering these research 

questions, this study makes both theoretical and 

practical contributions. Firstly, it develops and 

enriches the research on the mechanisms through 

which BDC affects supply chain performance, 

and at the same time provides theoretical insights 

into the value creation of BDC at the 

organizational level. Secondly, it extends the 

theoretical framework of the antecedents and 

consequences of SCR, explaining how BDC 

affects supply chain performance through 

resilience. Thirdly, it helps to clarify the 

boundary conditions for the role of BDC and 

SCR by examining the moderating role of 

environmental uncertainty in the relationship 

between BDC, SCR, and supply chain 

performance. In general, the study provides 

insights and a decision-making basis for 

company managers to enhance BDC, cope with 

supply chain risks, and improve firm supply 

chain management capability by analyzing the 

relationships between BDC, SCR, and supply 
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chain performance and the associated boundary 

conditions. 

THEORETICAL BACKGROUND 

Dynamic capability view (DCV) 

The fundamental tenet of the resource-

based view (RBV) is to investigate a firm's value 

creation and value capture processes from a static 

vantage point, ignoring the influence of market 

turbulence. Teece et al. (1997) extend the RBV 

and believe that firms need to constantly 

integrate and reconstruct their resources and 

capabilities, as they have to cope with changes in 

the external market environment and 

technological environment and avoid losing their 

competitive advantage due to these changes. This 

ability to integrate and configure a firm’s 

resources to adapt to environmental changes is a 

dynamic capability which can help firms to 

maintain a competitive advantage in an ever-

changing environment. 

Dynamic capability theory is the primary 

theoretical perspective used to develop a 

conceptual model in this study. The application 

of BDC in the field of supply chains can enhance 

the dynamic information processing capability of 

firms, provide decision-makers with knowledge, 

and generate better resource allocation, thus 

creating competitive advantages (Côrte-Real, 

Oliveira, and Ruivo 2017; Matthias et al. 2017). 

More specifically, BDC can reduce uncertainty 

by stimulating insight (Mikalef et al. 2019b) and 

knowledge creation, and it enhances an 

organization's strategic decision-making 

capability, which is more valuable in a dynamic 

environment with a high degree of uncertainty 

(Chen, Chiang, and Storey 2012; Chen, Preston, 

and Swink 2015). From this point of view, 

dynamic capability theory is particularly useful 

to explain the influence of big data capability. At 

the same time, in the field of supply chain 

research, the resource-based view (RBV) focuses 

on the internal resources of firms and does not go 

beyond the level of firms (Kraaijenbrink, 

Spender, and Groen 2010). However, SCR is a 

system-level phenomenon, which occurs at the 

supply chain level rather than at the level of 

individual firms, and it involves the linkages 

between firms (Duong and Chong 2020).  

In addition, the resource-based view (RBV) 

assumes that the future value of resources is 

determined in a predictable environment, but 

SCR is precisely nonlinear, dynamic, and 

unpredictable. SCR is intended to solve the 

problem of supply interruption caused by 

environmental turbulence, while the dynamic 

capability view (DCV) emphasizes the ability to 

constantly reconstruct a ‘dynamic’ that is 

consistent with the changing environment. 

Nevertheless, there is a natural relationship 

between the two. Many studies have explored 

SCR and its formation mechanism based on 

dynamic capability theory (Brusset and Teller 

2017; Li et al. 2017), and many researchers 

regard SCR itself as a dynamic capability (Lee 

and Rha 2016; Chowdhury and Quaddus 2017). 

Therefore, the dynamic capability view (DCV) 

provides a theoretical basis for related research 

on SCR and the logical framework of this paper. 

Contingency theory 

Contingency theory is a management 

theory developed from western empiricism in the 

1960s. It is based on the contingency idea of a 

concrete analysis of specific problems in western 

organizational management (Fiedler 1964). The 

basic idea of contingency theory is that the 

methods and measures that each organization 

needs to take are determined by its internal 

requirements and external environment, and 

there are no universal principles and methods 

applicable to any situation. Organizations are 

required to adapt to the development and changes 

in their internal conditions and external 

environment (Wong, Boon-itt, and Wong 2011). 

In the empirical study of contingency 

theory, environmental uncertainty is the most 

widely studied environmental variable (Wong, 

Boon-itt, and Wong 2011; Mikalef and Krogstie 

2018). Especially in the study of supply chain 

management, environmental uncertainty is an 

important contingency factor that needs to be 

considered when evaluating the antecedents and 

outcomes of SCR (Grötsch, Blome, and Schleper 

2013). On the one hand, the firm's internal 

resource capacity needs to match the 

environmental risk level (Mikalef et al. 2019a). 

The supply chain’s dynamic environment has a 

beneficial effect on developing organizational 
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capabilities (Mikalef et al. 2019; Belhadi et al. 

2021) when organizational decision-makers are 

facing substantial environmental uncertainty. 

Factors such as rapid changes in customer 

demand and unpredictable market trends can 

make firms fall into the dilemma of information 

asymmetry constraints. Therefore, it is necessary 

to strengthen information capture to obtain 

valuable information to help firms respond 

quickly, and BDC becomes crucial. In other 

words, when the environment is highly uncertain, 

organizations are increasingly reliant on BDC to 

help them cope with environmental change 

(Mikalef et al. 2018; Dubey et al. 2019). On the 

other hand, SCR also needs to match the level of 

environmental uncertainty (Shashi et al. 2019). 

Environmental uncertainty increases the 

possibility of supply chain disruption due to the 

impact of the external environment (Lee and Rha 

2016; Ambulkar, Blackhurst, and Grawe 2015), 

which requires firms in the supply chain to 

actively use resilience to help them cope with the 

risk of disruption (Um and Han 2020), prepare in 

advance, respond in time, and recover faster. In 

other words, the higher the degree of 

environmental uncertainty, the more significant 

the impact of resilience on supply chain 

performance (Wong et al. 2020). 

HYPOTHESIS DEVELOPMENT AND 

RESEARCH MODEL 

BDC and supply chain performance 

BDC is an extension of the concept of 

information technology capability (Hopkins 

2011). The existing literature mainly defines 

BDC from two different perspectives: the 

resource-based view and the dynamic capability 

view. Based on the RBV, BDC includes human 

resources and infrastructure related to big data 

applications (Akter et al. 2016). Enterprises can 

gather, integrate and deploy resources related to 

big data, and utilize big data resources to 

improve performance (Gupta and George 2016) 

and competitiveness. Based on the DCV, BDC 

puts more emphasis on the response to the 

external environment (Mikalef et al. 2019a). This 

is regarded as the utilization of big data resources 

by firms to gain valuable insights and make 

effective decisions so as to improve the dynamic 

ability of firms to cope with changes in the 

external environment (Chen, Preston, and Swink 

2015). This study argues that BDC is a dynamic 

capability for firms to realize deep data mining 

and real-time data analysis by integrating data 

resources, big data talent, technologies, and other 

resources related to big data. Therefore, this 

study divides BDC into three dimensions: 

resource integration capability (RIC), depth 

analysis capability (DAC) and real-time insight, 

and predictive capability (RTIPC). RIC refers to 

a firm's ability to gather and integrate internal 

and external big data resources. DAC refers to 

the ability of firms to analyze the integrated data 

resources, deeply mine them, and extract 

valuable information to meet the business needs 

of firms. RTIPC refers to the ability of firms to 

achieve real-time insight into market 

opportunities and accurate prediction of market 

changes through the analysis of valuable 

information. 

Resources are the key to developing 

capabilities (Kitchens et al. 2018). RIC can 

maximize productivity, enhance collaboration, 

reduce costs, and improve operational efficiency 

by gathering and integrating internal and external 

big data resources, and then have a better chance 

to improve supply chain performance 

(Schoenherr and Speier-Pero 2015). By 

analyzing integrated data resources, DAC can 

deeply mine and extract valuable information to 

meet the business needs of firms and promote big 

data technology to play a role in assisting with 

decision-making in business analysis, which 

helps to improve supply chain performance 

(Ghasemaghaei and Calic 2019; Gunasekaran et 

al. 2017). RTIPC enables real-time insight into 

market opportunities and accurate prediction of 

market changes and positively impacts supply 

chain performance by stimulating insight and 

knowledge creation to reduce uncertainty 

(Arunachalam, Kumar, and Kawalek 2018; 

Belhadi et al. 2019). Technological advantages 

help firms perceive environmental changes in 

advance, enhance the predictability of the 

external environment, maximize data value, and 

further help manage the supply chain by reducing 

intervention and improving decision-making 

(Kache and Seuring 2017). Thus, we propose the 

following hypotheses: 

H1. BDC has a significant positive impact 

on supply chain performance. 
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H1a. RIC has a significant positive impact 

on supply chain performance. 

H1b. DAC has a significant positive impact 

on supply chain performance. 

H1c. RTIPC has a significant positive 

impact on supply chain performance. 

SCR and Supply chain performance 

With an uncertain external operating 

environment and unpredictable risks, traditional 

risk management thinking is shifted from a 

strategy of response to interruptions to a more 

active strategy, that is, establishing SCR to 

reduce the negative impact of the interruption 

(Xu et al. 2020; Scholten, Stevenson, and van 

Donk 2019). Initially, SCR was conceived as the 

ability of an organization to respond to 

unexpected events and resume normal operations 

(Rice and Caniato 2003), as a passive recovery 

ability which enables the supply chain to recover 

as soon as possible after a disruption 

(Christopher and Peck 2004; Sheffi 2005). 

Resilience provides the supply chain with the 

ability to prepare for disruption, reduce the 

impact of disruption and recover quickly from 

disruption (Tukamuhabwa et al. 2015; Birkie, 

2016), thus entering a better state than before the 

interruption. Based on previous scholars' 

definition of resilience, this study regards SCR as 

a dynamic ability to cope with supply chain 

interruption which can keep the supply chain 

highly alert to the environment and allow it to 

respond quickly after the interruption, thus 

maintaining the continuity of supply chain 

operations. 

Supply chain resilience is an important 

factor affecting supply chain performance. As an 

active strategy of risk management, the impact of 

SCR on supply chain performance has been 

confirmed in various ways (Jüttner and Maklan 

2011). A supply chain with good resilience has 

low interruption probability, low losses, and fast 

recovery. Compared with less resilient supply 

chains, it is more competitive and leads to better 

performance (Jain et al. 2017). Based on the 

RBV, Birkie et al. (2017) described SCR as an 

irreplaceable resource for firms to improve 

performance under supply chain fracture. 

Especially for highly complex supply chains, 

resilience plays a more prominent role in 

promoting performance as a resource. Based on 

the DCV, Chowdhury et al. (2019) and Dubey et 

al. (2019) believe that SCR can mitigate risks 

through supply chain dynamics and play a central 

role in mitigating emergencies or maintaining 

previous supply chain performance levels. 

Hasani and Khosrojerdi (2016) found that SCR 

improves the performance of core firms, and 

ensures product availability throughout the 

whole supply chain and the timely satisfaction of 

end customer demand, which leads to the 

improvement of the overall efficiency of the 

supply chain. Thus, we propose the following 

hypothesis:  

H2. SCR has a significant positive impact 

on supply chain performance. 

BDC and supply chain resilience 

The environment faced by supply chain 

management is undergoing profound and 

complex changes, requiring firms to show 

foresight about the future environment when 

building a resilient supply chain system. BDC is 

considered an important way to improve the 

visibility and transparency of supply chains 

(Baryannis et al. 2018; Shan et al. 2018). As 

firms increasingly use BDC, scholars emphasize 

the necessity to better understand how BDC has 

become a valuable resource for firms to build 

supply chain risk resilience (Côrte-Real, Oliveira, 

and Ruivo 2017; Gupta et al. 2022). RIC can 

help firms integrate and reconstruct internal and 

external resources to quickly respond to supply 

chain disruption and maintain sustainable 

operations in an uncertain environment (Brusset 

and Teller 2017). DAC can deeply analyze 

supply chain data, process real-time data to 

monitor processes and events, and extract 

valuable insights from data analysis, while 

managers can make efficient decisions and 

reduce supply chain risks (Dubey et al. 2019). 

RTIPC can change the previous dependence on 

historical data, expert advice, and market 

information, analyze demand data in real-time 

with the help of more available information 

sources in the big data era, and enhance the 

visibility and forecasting accuracy of the supply 

chain (Hofmann 2017). The source of supply 
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chain disruption can be determined by predictive 

analysis, and the probability of disruption risk 

can even be predicted based on historical data to 

enhance SCR (Choi et al. 2018). Thus, we 

propose the following hypotheses: 

H3. BDC has a significant positive impact 

on SCR. 

H3a. RIC has a significant positive impact 

on SCR. 

H3b. DAC has a significant positive impact 

on SCR. 

H3c. RTIPC has a significant positive 

impact on SCR. 

Mediating role of SCR  

The value of BDC has attracted 

considerable attention from scholars in supply 

chain management. They believe that strong 

BDC can help firms establish competitive 

advantages and improve the performance of the 

supply chain. However, it does not have a direct 

influence but one mediated by dynamic 

capability (Mikalef et al. 2020; Wamba et al. 

2020). Wamba et al. (2017) verified how BDC 

has a positive impact on firm performance 

through dynamic capability. Lee and Rha (2016) 

demonstrated that the process of building 

dynamic capability is also a process of improving 

the resilience of the supply chain. Dubey et al. 

(2019) demonstrated that BDC can provide 

competitive advantages to organizations through 

SCR, moderated by organizational flexibility. 

Laguir et al. (2022) found that organizational 

analytical ability affects operational performance 

through SCR. Other scholars have verified the 

mediating role of SCR in the positive impact of 

advanced information processing technologies 

such as the use of information technology (Gu et 

al. 2020) and artificial intelligence (Belhadi et al. 

2021) on SCP. High and lasting SCP depends to 

a large extent on the ability of firms to use their 

information processing capabilities to operate in 

a dynamic supply chain and to build resilience 

against destructive and unexpected events. Thus, 

we propose the following hypothesis: 

H4. SCR mediates the relationship between 

BDC and supply chain performance. 

Moderating role of environmental 

uncertainty 

An environment with higher uncertainty 

will have a greater impact on the firm, and it is 

more necessary for the firm to have the resources 

and capabilities to cope with the highly uncertain 

environment. When the business environment 

exhibits low uncertainty, the supply chain 

environment faced by a firm is relatively stable, 

and the market demand and supply change is 

predictable, so the firm lacks motivation to 

actively enhance its BDC to improve SCR. 

Therefore, the influence of BDC on SCR is not 

significant (Rajesh 2017). When the supply chain 

environment is highly uncertain, the volatile 

environment will weaken the confidence of key 

organizational decision-makers in making 

strategic and operational decisions, and the 

ability to obtain information will be more 

valuable (Srinivasan and Swink 2017). 

Therefore, the more turbulent the environment, 

the more significant the impact of BDC on SCR. 

Improving the resilience of the supply chain 

inevitably entails input costs, so SCR also needs 

to match the level of environmental risk (Yuan 

and Li 2022). When the environment is less 

dynamic, the probability of supply chain 

disruption is lower, and maintaining a high SCR 

at this time is likely to erode corporate profits. 

When the environment becomes more dynamic, 

the possibility of supply chain interruption due to 

external environmental shocks also increases. 

Under these circumstances, a lack of SCR can 

cause firms to suffer major interruption losses. 

The higher the level of environmental dynamics, 

the higher the positive effect of dynamic 

capabilities on the organization (Chowdhury et al. 

2019). Thus, we propose the following 

hypotheses: 

H5. Environmental uncertainty 

significantly moderates the relationship between 

BDC and SCR. 

H6. Environmental uncertainty 

significantly moderates the relationship between 

SCR and supply chain performance. 
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Based on the above theoretical analysis and 

research hypotheses, on the one hand, BDC 

indirectly affects supply chain performance 

through the mediating effect of SCR. On the 

other hand, environmental uncertainty positively 

moderates the relationship between BDC and 

SCR, and also positively moderates the 

relationship between SCR and supply chain 

performance. Combining these two aspects, it is 

logical to conclude that high environmental 

uncertainty also strengthens the mediating role of 

SCR in the influencing process of ‘big data 

capability→ supply chain resilience → supply 

chain performance’, namely, there is a 

moderated mediating effect. Thus, we propose 

the following hypothesis: 

H7. Environmental uncertainty positively 

moderates the mediating relationship between 

BDC and supply chain performance. 

Based on the previous literature, this paper 

constructs a hypothetical model of the effect 

mechanism of BDC on supply chain 

performance, as shown in Fig. 1. 

Fig. 1. Conceptual framework 

Source: Own study based on theoretical assumptions. 

MATERIALS AND METHODS 

Measurement 

To ensure the effective measurement of the 

research model, the maturity scale widely used 

by well-known scholars was selected for this 

study. The literature demonstrates that the BDC 

scale consists of three dimensions: RIC, DAC, 

and RTIPC. It can be measured by fifteen items 

(Xie, Liu, and Wang 2016). SCR can be 

measured by six items (Gölgeci and Ponomarov 

2014) and SCP can be measured by seven items 

(Huo, Zhao, and Zhou 2013; Gu, Yang, and Huo 

2020). The environmental uncertainty scale 

consists of two dimensions: demand uncertainty 

and supply uncertainty. Six items were adapted 

for its measurement (Zhao et al. 2018). Based on 

previous research, we selected a few items as 

control variables, e.g., firm age, annual operating 

income, and firm size. We asked respondents to 

indicate the extent to which they agreed with the 

following statements on a five-point Likert scale 

(‘1 – strongly disagree’ to ‘5 – strongly agree’). 

Given that most of the measurement items were 

extracted from English literature while the 

respondents were Chinese, we followed the 

translation and back-translation method to 

translate the English scale and ensure the 

translated Chinese scale truly and accurately 

reflected the meaning of the original English 

scale. To further refine the measurement, the 

questionnaire was pre-tested with a small sample. 

Based on the feedback, the questionnaire was 

modified and improved for large-scale 

distribution. The final constructs and items are 

presented in the Appendix. 
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Uncertainty 

Supply Chain 
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Supply Chain 
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Sampling and data collection 

A structured questionnaire was used for 

data collection with manufacturing firms in 

China. As a manufacturing power in the world, 

China has become the supply chain hub of the 

world's manufacturing industry, and 

manufacturing is the main pillar of China's 

national economy. It was also the area most 

affected by the COVID-19 pandemic. Therefore, 

it is more representative to use survey data from 

Chinese manufacturing firms to study supply 

chain resilience. This study targeted managers 

and more senior staff in Chinese manufacturing 

firms who understand supply chain management 

well. The reason for targeting these respondents 

is that they are more aware of their firms’ 

operations and have a better understanding of the 

supply chain. Their answers can effectively 

improve the response’s reliability and validity. 

The data collection took place from April to 

August of 2022. The data were mainly collected 

in two ways: one was using the sample service of 

the ‘Credamo’ survey platform to distribute 

questionnaires to sample groups; the other was 

entrusting data collection to consulting 

companies. A total of 400 questionnaires were 

distributed, including 84 paper questionnaires 

and 316 online questionnaires, and a total of 301 

responses were received. After screening out 

invalid questionnaires that obviously violated 

rules or had inconsistent or incomplete answers, 

a total of 232 valid responses were used for data 

analysis, with an effective rate of 77.08%. Table 

1 presents the profiles of the respondents. 

Non-response bias and common method bias 

It is essential to check for the issue of non-

response bias and common method bias (CMB) 

in the case of a survey-based study. It was 

decided to compare the early responders with the 

late responders to verify the existence of serious 

problems of non-response bias (Armstrong and 

Overton 1977). This paper employed the 

independent t-test for the evaluation of non-

response bias, The results of the t-test suggested 

that there were no significant differences 

between the early and late responses, indicating 

that there was no non-response bias in this study. 

To mitigate the effect of common method 

bias (CMB), we took several steps. Firstly, the 

English reference items were translated by back 

translation to ensure that the scale truly and 

accurately reflected the meaning of the original 

English scale. Secondly, the survey samples 

involved firms from different regions, with 

different owners, and of different sizes to ensure 

the fair distribution of samples. Finally, we ran 

Harman’s single-factor test to ascertain the 

absence of common method bias. The test results 

showed that seven factors emerged, out of which 

the first factor accounted for 30.484% of the 

variance, indicating that the data were not 

influenced by CMB. 

Reliability and validity 

Cronbach’s alpha coefficient was the main 

basis for testing the consistency of the scale items. 

Table 2 presents Cronbach’s alpha for all the 

constructs. It was more than 0.7 in each case, 

indicating good construct reliability (Nunnally 

and Bernstein 1994). CFA was conducted to 

estimate construct validity, and the measurement 

model results indicate a good model fit: χ2/df 

1.076, RMSEA 0.018, IFI 0.990, TLI 0.988, 

CFI 0.990. These values indicate that the fit 

meets acceptable criteria. The standardized 

factor loadings for all conformations were above 

0.5 and significant. The CR ranges from 0.838 to 

0.879, meeting the standard of 0.70. The 

estimates of average variance extracted range 

from 0.505 to 0.704, which is higher than the 

commonly recommended level of 0.5. This 

proves that the model has good convergent 

validity. 

Table 3 presents the value of the square root 

of each variable. AVE was greater than the 

correlation coefficients between variables, 

indicating that the constructs of this study have 

high discriminant validity (Fornell and Larcker 

1981). In addition, the correlation analysis results 

show that there is a significant correlation 

between the main variables, and the results of the 

analysis are consistent with the relationships 

predicted by the theory, which provides 

preliminary evidence for subsequent verification 

of the hypotheses. 
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RESULTS 

Main effect hypotheses testing 

Hierarchical regression with SPSS 26 was 

used to test the hypotheses proposed in the 

theoretical framework (see Fig 1). Several 

models (M) were developed in SPSS starting 

with the control variables and the main effects, 

and Table 4 reports the results of the hypothesis 

testing. Firstly, we verified the impact of BDC 

and its dimensions on supply chain performance. 

Model 1 examines the impact of the control 

variables on supply chain performance. Model 2 

tests the impact of BDC with control variables on 

SCP to validate H1 (β= 0.559, p < 0.001) and 

demonstrates that H1 is supported. Model 3 

validates H1a (β= 0.442, p < 0.001), Model 4 

validate H1b (β= 0.447, p < 0.001), and Model 5 

validates H1c (β= 0.457, p < 0.001). In general, 

BDC and its dimensions have a positive impact 

on supply chain performance. Secondly, Model 

6 tests the impact of SCR with control variables 

on supply chain performance, thus validating H2 

(β= 0.466, p < 0.001), demonstrating that H2 is 

supported. Lastly, we verified the impact of BDC 

on SCR. Model 7 examines the impact of control 

variables on SCR. Model 8 tests the impact of 

BDC with control variables on SCR to validate 

H3 (β= 0.498, p < 0.001), hence, H3 is supported. 

Model 9 validates H3a (β=0.380, p < 0.001), 

Model 10 validates H3b (β= 0.418, p < 0.001), 

and Model 11 validates H3c (β= 0.398, p < 

0.001). To sum up, BDC and its dimensions have 

a positive impact on SCR. 

Mediation effect hypotheses testing  

To evaluate the mediating role of SCR on 

the relationship between big data capability and 

supply chain performance, the study tested for 

the significance of the indirect effect using Hayes’ 

process macro for SPSS. For parsimony’s sake, 

a single indicant variable was used for the BDC 

construct given that the dimensions are 

conceptually reinforcing and that the statistical 

results suggest that they are significantly 

positively correlated. We controlled for firm 

ownership, firm age, annual sales, and firm size 

on both the mediator and the outcome variables. 

We measured the significance of indirect effects 

by setting the number of sampling iterations (n) 

equal to 5,000. The confidence interval was set 

to 95%, Model serial number 4 was selected, and 

the result after executing the program is 

presented in Table 5. The results reveal that SCR 

significantly  and positively mediates the effect 

of BDC on supply chain performance, given that 

the bootstrap confidence interval did not include 

zero. This lends sufficient support to H4. 

Moderation effect hypotheses test 

Testing the moderating effect of environmental 

uncertainty on the relationship between BDC 

and SCP 

Moderator variables were added to Model 8 

to build Model 12, and the interaction term of 

BDC and environmental uncertainty was added 

to model 12 to build model 13. The regression 

results are shown in Table 6. The results show 

that the regression coefficient of the interaction 

term on SCR is 0.203 (p<0.001). The significant 

change in R2 indicates that environmental 

uncertainty has a significant positive moderating 

effect on the relationship between BDC and SCR. 

Hypothesis H5 is thus verified. We plotted the 

interaction effect of environmental uncertainty 

between BDC and SCR (see Fig. 2). 

Testing the moderating effect of environmental 

uncertainty on the relationship between SCR 

and SCP 

Moderator variables were added to model 6 

to build Model 14. Furthermore, on the basis of 

model 14, the interaction term of SCR and 

environmental uncertainty were added to 

construct model 15, and the regression results are 

presented in Table 6. The data results show that 

the regression coefficient of the interaction term 

on supply chain performance is 0.232 (p<0.001). 

The significant change in R2 indicates that 

environmental uncertainty has a significant 

positive moderating effect on the relationship 

between SCR and supply chain performance. 

Hypothesis H6 is therefore verified. In addition, 

we plotted the interaction effect of environmental 

uncertainty for SCR and SCP (see Fig.3). 
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Fig. 2. Moderating effect of environmental uncertainty on BDC and SCR.  

Source: Own study based on research results. 

 

 

 

 
Fig. 3. Moderating Effect of Environmental Uncertainty on SCR and SCP.  

Source: Own study based on research results. 

Testing the Moderated mediating effect 

Based on existing analyses and referring to 

the research of Preacher, Rucker, and Hayes 

(2007) and Hayes (2015), this study used Hayes’ 

process macro for SPSS to further test whether 

there is a moderated mediation effect in the 

theoretical model. After entering the independent 

variable, dependent variable, and intermediary 

variable, the sample size was set to 5,000, the 

confidence interval was set to 95%, and the 

Model serial number 58 was selected. The test 

results are presented in Table 7. The data results 

show that the indirect effect value is 0.028 when 

environmental uncertainty is low, and the 95% 

confidence interval [-0.029, 0.106] contains zero, 

indicating that the intermediary effect of SCR is 

not significant. For medium and high 

environmental uncertainties, the 95% confidence 

intervals are [0.048, 0.213] and [0.162, 0.420], 

respectively, excluding zero, indicating that the 

mediating effect of SCR is significant. At the 

same time, the indirect effect value of high 

environmental uncertainty is larger than that of 

medium environmental uncertainty, indicating 

that the higher the level of environmental 

uncertainty, the stronger the mediating effect of 

SCR, and thus hypothesis H7 is verified. 

DISCUSSION AND CONCLUSIONS  

Discussion and conclusions for researchers 

The supply chain management literature 

has witnessed a growing interest in developing a 

better understanding of how BDC can add value 

to the organizational supply chain. Within this 

context, based on dynamic capability theory and 

contingency theory, this study integrated BDC, 

SCR, and supply chain performance into the 

same research framework, and examined the 

mediating effect of supply chain elasticity on the 

relationship between big data capability and 
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supply chain performance, and the moderating 

effect of environmental uncertainty. The validity 

of the theoretical model is verified by survey data 

from manufacturing firms in China. 

First, the study finds that BDC and its 

dimensions contribute to supply chain 

performance. Based on the summary of previous 

research on the relationship between BDC and 

supply chain performance, this study proposed 

four hypotheses, H1, H1a, H1b, and H1c. These 

four hypotheses are supported by the results of 

the empirical tests reported in the study. This 

conclusion is consistent with the research results 

of Chen, Preston, and Swink (2015) and 

Gunasekaran et al. (2017), who also investigated 

the relationship between BDC and supply chain 

performance. Big data analysis can transform 

data into insights and intelligence, which helps to 

improve supply chain performance. 

Second, SCR has a significant positive 

impact on supply chain performance. Based on 

the summary of previous studies on the 

relationship between SCR and supply chain 

performance, this study proposed hypothesis H2. 

The empirical study results show that SCR has a 

significant positive impact on supply chain 

performance. This view has been widely 

recognized by scholars, because SCR is related 

to the ability of a firm’s supply chain operations 

to recover from unforeseen disruptions. Firms 

lacking in resilience cannot cope with 

environmental changes, which leads to frequent 

chain breaks and has a serious negative impact 

on performance. 

Third, BDC and its dimensions also have a 

significant positive impact on SCR. Based on the 

summary of previous research on the relationship 

between BDC and SCR, this study proposed four 

hypotheses, H3, H3a, H3b, and H3c. These four 

hypotheses were supported by the empirical data. 

This conclusion is consistent with the research 

conclusions of Williams et al. (2013) and 

Hofmann (2015). Insights generated by big data 

analytics can potentially reduce uncertainty in 

terms of demand, capacity, and supply 

availability. The greater the visibility and 

processing power of information, the more 

responsive the supply chain, and the more 

significant the impact on resilience. 

In addition, SCR plays a mediating role in 

the relationship between DAC and supply chain 

performance. Through multiple linear regression 

analysis and bootstrap double testing, this study 

examined the mediating role of SCR in the 

relationship between BDC and supply chain 

performance. The empirical analysis results 

show that the mediating role of SCR in the 

relationship between BDC and SCP is significant, 

and H4 is verified, which is consistent with the 

research of Bahrami and Shokouhyar (2021). 

This empirical result shows that firms can 

significantly improve the performance of the 

supply chain either by training BDC or by 

building an SCR management system. More 

importantly, SCR mediates the effect of BDC on 

supply chain performance. 

Finally, the study finds that environmental 

uncertainty significantly moderates the 

relationship between BDC and SCR and the 

relationship between SCR and SCP; further, it 

also positively moderates the mediating 

relationship between BDC and supply chain 

performance. That is, the greater the 

environmental uncertainty, the stronger the 

mediating role of supply chain elasticity on the 

relationship between BDC and supply chain 

performance. These findings are in line with 

those of studies conducted by Wamba et al. 

(2019), Dubey et al. (2019), and Yuan and Li 

(2022). The supply chain’s dynamic 

environment has a beneficial effect on the 

development of organizational capabilities. The 

use of BDC at the organizational level affects 

organizational value creation, but these effects 

also depend on the dynamic level of the 

environment. 

Discussion and conclusions for managers 

The current paper has some implications for 

managers seeking to enhance the practice of 

supply chain management at a firm level. 

Firstly, the role of big data should be taken 

seriously, especially for small and medium-sized 

firms with poor anti-risk ability. Data is an 

important means of production in the post-

pandemic era, and giving full play to 

technological advantages will help firms to 

perceive changes in the environment in advance, 
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that is, to maximize the value of data. Nowadays, 

personal data has been fully mined by the 

consumer internet, but data in the supply chain is 

far from being fully exploited. Therefore, firms 

need to attach importance to the role of data and 

strengthen the application of BDC in supply 

chain management. By applying big data to 

every stage of supply chain management, 

information flow within or between firms can be 

enhanced so as to strengthen the pre-risk 

prediction capability of the supply chain and deal 

with risks discovered after the event in a timely 

manner. In this way, firms can be guided to make 

efficient decisions to mitigate risks, take 

corresponding measures to avoid risks, and 

improve risk management capability in the 

supply chain. 

Secondly, manufacturing firms should 

accelerate the development of the SCR 

management system and enhance its capability to 

cope with environmental changes. The Covid-19 

pandemic has shown that without a safe and 

stable supply chain, firms cannot maintain 

normal production and business activities, and 

the more resilient the supply chain, the less it was 

affected by the pandemic. Especially for 

manufacturing firms, the role of resilience is 

more prominent. The supply chain of the 

manufacturing industry is longer, and it is more 

prone to supply chain interruption. This view is 

supported by a UBS report in the China CFO 

Evidence Lab Research Report, which shows 

that the strongest impact of the pandemic was on 

China's major industry: the manufacturing sector. 

In the post-pandemic era, manufacturing firms 

will face a dynamic uncertain environment for a 

long time, and the risk of supply chain disruption 

will be more frequent. Therefore, it is urgent to 

accelerate the development of SCR among 

manufacturing firms. 

Thirdly, practitioners should be alert to the 

risks of changes in the external environment and 

allocate appropriate resources. The COVID-19 

pandemic will continue to have an impact on the 

global manufacturing system, and this impact 

will continue in the post-pandemic era. In this 

new normal, firms are prompted to replace the 

past principle of efficiency first with the principle 

of efficiency and safety, and rebuild the 

industrial supply chain. To be specific, 

manufacturing firms need to balance two 

important modes, namely, the competition mode 

under normal order and the mode that can be 

continued when hit (normal system and recovery 

system). Therefore, this study further advocates 

the consideration of the effects of uncertain 

external environmental factors on the supply 

chain to develop working practices. 

Limitations and further research directions 

There are a few limitations of this study, 

which may provide directions for future research. 

Firstly, the study used a cross-sectional data set 

to test the proposed hypotheses, which is limited 

in its ability to infer causality despite the 

examination of data quality. Future studies could 

further verify the hypothesized causal 

relationship by collecting longitudinal data to 

obtain more convincing conclusions. Secondly, 

to avoid confusion between the sub-dimensions 

of SCR and its antecedents, the study regards 

SCR as a single dimension. However, SCR is a 

multi-dimensional and multi-level structure. In 

the future, it will be necessary to describe the 

connotations of SCR more systematically, 

choose an appropriate dimension division 

method, and adopt a more objective approach to 

measure SCR. Finally, although this study 

discusses the impact of big data capability and its 

three dimensions on supply chain resilience, the 

analysis is not sufficiently detailed. In a follow-

up study, we will explore the specific stages of 

the impact of enterprise big data capabilities on 

resilience (beforehand, during and after the 

event), to further clarify the relationship between 

the two. 

ACKNOWLEDGEMENTS 

This research is supported by The Chinese 

Ministry of Education (23YJA630024), 

Chongqing Social Science Funding Committee 

(2023NDYB73) and OFCISCETRC23201. 

  

https://doi.org/10.17270/J.LOG.001035


Feng M., Zhou M., Matejun M., 2024. Big Data Capability and Supply Chain Performance: Mediating effect of 

Supply Chain Resilience and Moderating Effect of Environmental Uncertainty. LogForum 20 (2), 243-262, 

https://doi.org/10.17270/J.LOG.001035  

255 

REFERENCES 

Akter, Shahriar, Samuel Fosso Wamba, 

Angappa Gunasekaran, Rameshwar Dubey, 

and Stephen J. Childe. 2016. “How to 

Improve Firm Performance Using Big Data 

Analytics Capability and Business Strategy 

Alignment?” International Journal of 

Production Economics 182 (1): 113–31. 

https://www.doi.org/10.1016/j.ijpe.2016.08.

018  

Alvarenga, Murilo Zamboni, Marcos Paulo 

Valadares de Oliveira, and Tiago André 

Gonçalves Félix de Oliveira. 2023. “The 

Impact of Using Digital Technologies on 

Supply Chain Resilience and Robustness: 

The Role of Memory under the Covid-19 

Outbreak.” Supply Chain Management: An 

International Journal, January. 

https://www.doi.org/10.1108/scm-06-2022-

0217  

Ambulkar, Saurabh, Jennifer Blackhurst, and 

Scott Grawe. 2015. “Firm’s Resilience to 

Supply Chain Disruptions: Scale 

Development and Empirical Examination.” 

Journal of Operations Management 33-34 

(1): 111–22. 

https://www.doi.org/10.1016/j.jom.2014.11.

002  

Armstrong, J. Scott, and Terry S. Overton. 1977. 

“Estimating Nonresponse Bias in Mail 

Surveys.” Journal of Marketing Research 14 

(3): 396. 

https://www.doi.org/doi.org/10.2307/31507

83  

Arunachalam, Deepak, Niraj Kumar, and John 

Paul Kawalek. 2018. “Understanding Big 

Data Analytics Capabilities in Supply Chain 

Management: Unravelling the Issues, 

Challenges and Implications for Practice.” 

Transportation Research Part E: Logistics 

and Transportation Review 114 (June): 416–

36. 

https://www.doi.org/10.1016/j.tre.2017.04.0

01  

Bag, Surajit, Pavitra Dhamija, Sunil Luthra, and 

Donald Huisingh. 2021. “How Big Data 

Analytics Can Help Manufacturing 

Companies Strengthen Supply Chain 

Resilience in the Context of the COVID-19 

Pandemic.” The International Journal of 

Logistics Management ahead-of-print 

(ahead-of-print). 

https://www.doi.org/10.1108/ijlm-02-2021-

0095  

Bahrami, Mohamad, and Sajjad Shokouhyar. 

2021. “The Role of Big Data Analytics 

Capabilities in Bolstering Supply Chain 

Resilience and Firm Performance: A 

Dynamic Capability View.” Information 

Technology & People ahead-of-print 

(ahead-of-print). 

https://www.doi.org/10.1108/itp-01-2021-

0048  

Baryannis, George, Sahar Validi, Samir Dani, 

and Grigoris Antoniou. 2018. “Supply Chain 

Risk Management and Artificial Intelligence: 

State of the Art and Future Research 

Directions.” International Journal of 

Production Research 57 (7): 1–24. 

https://www.doi.org/10.1080/00207543.201

8.1530476  

Belhadi, Amine, Venkatesh Mani, Sachin S. 

Kamble, Syed Abdul Rehman Khan, and 

Surabhi Verma. 2021. “Artificial 

Intelligence-Driven Innovation for 

Enhancing Supply Chain Resilience and 

Performance under the Effect of Supply 

Chain Dynamism: An Empirical 

Investigation.” Annals of Operations 

Research, February. 

https://www.doi.org/10.1007/s10479-021-

03956-x  

Belhadi, Amine, Karim Zkik, Anass Cherrafi, 

Sha’ri M. Yusof, and Said El fezazi. 2019. 

“Understanding Big Data Analytics for 

Manufacturing Processes: Insights from 

Literature Review and Multiple Case 

Studies.” Computers & Industrial 

Engineering 137 (November): 106099. 

https://www.doi.org/10.1016/j.cie.2019.106

099  

https://doi.org/10.17270/J.LOG.001035
https://www.doi.org/10.1016/j.ijpe.2016.08.018
https://www.doi.org/10.1016/j.ijpe.2016.08.018
https://www.doi.org/10.1108/scm-06-2022-0217
https://www.doi.org/10.1108/scm-06-2022-0217
https://www.doi.org/10.1016/j.jom.2014.11.002
https://www.doi.org/10.1016/j.jom.2014.11.002
https://www.doi.org/doi.org/10.2307/3150783
https://www.doi.org/doi.org/10.2307/3150783
https://www.doi.org/10.1016/j.tre.2017.04.001
https://www.doi.org/10.1016/j.tre.2017.04.001
https://www.doi.org/10.1108/ijlm-02-2021-0095
https://www.doi.org/10.1108/ijlm-02-2021-0095
https://www.doi.org/10.1108/itp-01-2021-0048
https://www.doi.org/10.1108/itp-01-2021-0048
https://www.doi.org/10.1080/00207543.2018.1530476
https://www.doi.org/10.1080/00207543.2018.1530476
https://www.doi.org/10.1007/s10479-021-03956-x
https://www.doi.org/10.1007/s10479-021-03956-x
https://www.doi.org/10.1016/j.cie.2019.106099
https://www.doi.org/10.1016/j.cie.2019.106099


Feng M., Zhou M., Matejun M., 2024. Big Data Capability and Supply Chain Performance: Mediating effect of 

Supply Chain Resilience and Moderating Effect of Environmental Uncertainty. LogForum 20 (2), 243-262, 

https://doi.org/10.17270/J.LOG.001035  

256 

Birkie, Seyoum Eshetu. 2016. “Operational 

Resilience and Lean: In Search of Synergies 

and Trade-Offs.” Journal of Manufacturing 

Technology Management 27 (2): 185–207. 

https://www.doi.org/10.1108/jmtm-07-

2015-0054  

Birkie, Seyoum Eshetu, Paolo Trucco, and 

Pablo Fernandez Campos. 2017. 

“Effectiveness of Resilience Capabilities in 

Mitigating Disruptions: Leveraging on 

Supply Chain Structural Complexity.” 

Supply Chain Management: An 

International Journal 22 (6): 506–21. 

https://www.doi.org/10.1108/scm-01-2017-

0009  

Brandon-Jones, Emma, Brian Squire, Chad 

Autry, and Kenneth J. Petersen. 2014. “A 

Contingent Resource-Based Perspective of 

Supply Chain Resilience and Robustness.” 

Journal of Supply Chain Management 50 

(3): 55–73. 

https://www.doi.org/10.1111/jscm.12050  

Brusset, Xavier, and Christoph Teller. 2017. 

“Supply Chain Capabilities, Risks, and 

Resilience.” International Journal of 

Production Economics 184 (February): 59–

68. 

https://www.doi.org/10.1016/j.ijpe.2016.09.

008  

Chen, Daniel Q., David S. Preston, and Morgan 

Swink. 2015. “How the Use of Big Data 

Analytics Affects Value Creation in Supply 

Chain Management.” Journal of 

Management Information Systems 32 (4): 4–

39. 

https://www.doi.org/10.1080/07421222.201

5.1138364  

Chen, Hsinchun, Roger H. L. Chiang, and Veda 

C. Storey. 2012. “Business Intelligence and 

Analytics: From Big Data to Big Impact.” 

MIS Quarterly 36 (4): 1165. 

https://www.doi.org/10.2307/41703503  

Choi, Tsan-Ming, Stein W. Wallace, and Yulan 

Wang. 2018. “Big Data Analytics in 

Operations Management.” Production and 

Operations Management 27 (10): 1868–83. 

https://www.doi.org/10.1111/poms.12838  

Chowdhury, Md Maruf H., and Mohammed 

Quaddus. 2017. “Supply Chain Resilience: 

Conceptualization and Scale Development 

Using Dynamic Capability Theory.” 

International Journal of Production 

Economics 188 (June): 185–204. 

https://www.doi.org/10.1016/j.ijpe.2017.03.

020  

Chowdhury, Md Maruf Hossan, Mohammed 

Quaddus, and Renu Agarwal. 2019. “Supply 

Chain Resilience for Performance: Role of 

Relational Practices and Network 

Complexities.” Supply Chain Management: 

An International Journal 24 (5): 659–76. 

https://www.doi.org/10.1108/scm-09-2018-

0332  

Christopher, Martin, and Helen Peck. 2004. 

“Building the Resilient Supply Chain.” The 

International Journal of Logistics 

Management 15 (2): 1–14. 

https://www.doi.org/10.1108/09574090410

700275  

Chunsheng, Li, Christina W.Y. Wong, Ching-

Chiao Yang, Kuo-Chung Shang, and Taih-

cherng Lirn. 2019. “Value of Supply Chain 

Resilience: Roles of Culture, Flexibility, and 

Integration.” International Journal of 

Physical Distribution & Logistics 

Management 50 (1): 80–100. 

https://www.doi.org/10.1108/ijpdlm-02-

2019-0041  

Ciampi, Francesco, Stefano Demi, Alessandro 

Magrini, Giacomo Marzi, and Armando 

Papa. 2021. “Exploring the Impact of Big 

Data Analytics Capabilities on Business 

Model Innovation: The Mediating Role of 

Entrepreneurial Orientation.” Journal of 

Business Research 123 (February): 1–13. 

https://www.doi.org/10.1016/j.jbusres.2020

.09.023  

Côrte-Real, Nadine, Tiago Oliveira, and Pedro 

Ruivo. 2017. “Assessing Business Value of 

Big Data Analytics in European Firms.” 

Journal of Business Research 70 (January): 

379–90. 

https://www.doi.org/10.1016/j.jbusres.2016

.08.011  

https://doi.org/10.17270/J.LOG.001035
https://www.doi.org/10.1108/jmtm-07-2015-0054
https://www.doi.org/10.1108/jmtm-07-2015-0054
https://www.doi.org/10.1108/scm-01-2017-0009
https://www.doi.org/10.1108/scm-01-2017-0009
https://www.doi.org/10.1111/jscm.12050
https://www.doi.org/10.1016/j.ijpe.2016.09.008
https://www.doi.org/10.1016/j.ijpe.2016.09.008
https://www.doi.org/10.1080/07421222.2015.1138364
https://www.doi.org/10.1080/07421222.2015.1138364
https://www.doi.org/10.2307/41703503
https://www.doi.org/10.1111/poms.12838
https://www.doi.org/10.1016/j.ijpe.2017.03.020
https://www.doi.org/10.1016/j.ijpe.2017.03.020
https://www.doi.org/10.1108/scm-09-2018-0332
https://www.doi.org/10.1108/scm-09-2018-0332
https://www.doi.org/10.1108/09574090410700275
https://www.doi.org/10.1108/09574090410700275
https://www.doi.org/10.1108/ijpdlm-02-2019-0041
https://www.doi.org/10.1108/ijpdlm-02-2019-0041
https://www.doi.org/10.1016/j.jbusres.2020.09.023
https://www.doi.org/10.1016/j.jbusres.2020.09.023
https://www.doi.org/10.1016/j.jbusres.2016.08.011
https://www.doi.org/10.1016/j.jbusres.2016.08.011


Feng M., Zhou M., Matejun M., 2024. Big Data Capability and Supply Chain Performance: Mediating effect of 

Supply Chain Resilience and Moderating Effect of Environmental Uncertainty. LogForum 20 (2), 243-262, 

https://doi.org/10.17270/J.LOG.001035  

257 

Dubey, Rameshwar, Angappa Gunasekaran, 

and Stephen J. Childe. 2018. “Big Data 

Analytics Capability in Supply Chain 

Agility: The Moderating Effect of 

Organizational Flexibility.” Management 

Decision 57 (8). 

https://www.doi.org/10.1108/md-01-2018-

0119  

Dubey, Rameshwar, Angappa Gunasekaran, 

Stephen J. Childe, David J. Bryde, Mihalis 

Giannakis, Cyril Foropon, David Roubaud, 

and Benjamin T. Hazen. 2019. “Big Data 

Analytics and Artificial Intelligence 

Pathway to Operational Performance under 

the Effects of Entrepreneurial Orientation 

and Environmental Dynamism: A Study of 

Manufacturing Organisations.” International 

Journal of Production Economics 226 

(December): 107599. 

https://www.doi.org/10.1016/j.ijpe.2019.10

7599  

Dubey, Rameshwar, Angappa Gunasekaran, 

Stephen J. Childe, Samuel Fosso Wamba, 

David Roubaud, and Cyril Foropon. 2019. 

“Empirical Investigation of Data Analytics 

Capability and Organizational Flexibility as 

Complements to Supply Chain Resilience.” 

International Journal of Production Research 

59 (1): 1–19. 

https://www.doi.org/10.1080/00207543.201

9.1582820  

Duong, Linh Nguyen Khanh, and Josephine 

Chong. 2020. “Supply Chain Collaboration 

in the Presence of Disruptions: A Literature 

Review.” International Journal of 

Production Research 58 (11): 1–20. 

https://www.doi.org/10.1080/00207543.202

0.1712491  

El Baz, Jamal, and Salomée Ruel. 2020. “Can 

Supply Chain Risk Management Practices 

Mitigate the Disruption Impacts on Supply 

Chains’ Resilience and Robustness? 

Evidence from an Empirical Survey in a 

COVID-19 Outbreak Era.” International 

Journal of Production Economics 233 

(107972): 107972. 

https://www.doi.org/10.1016/j.ijpe.2020.10

7972  

Fiedler, Fred.E. 1964. “A Contingency Model 

of Leadership Effectiveness.” Advances in 

Experimental Social Psychology 1 (1): 149–

90. https://www.doi.org/10.1016/s0065-

2601(08)60051-9  

Fornell, Claes, and David F. Larcker. 1981. 

“Structural Equation Models with 

Unobservable Variables and Measurement 

Error: Algebra and Statistics.” Journal of 

Marketing Research 18 (3): 382. 

https://www.doi.org/10.2307/3150980  

Fosso Wamba, Samuel, Shahriar Akter, 

Andrew Edwards, Geoffrey Chopin, and 

Denis Gnanzou. 2015. “How ‘Big Data’ Can 

Make Big Impact: Findings from a 

Systematic Review and a Longitudinal Case 

Study.” International Journal of Production 

Economics 165 (165): 234–46. 

https://www.doi.org/10.1016/j.ijpe.2014.12.

031  

Ghasemaghaei, Maryam, and Goran Calic. 

2019. “Does Big Data Enhance Firm 

Innovation Competency? The Mediating 

Role of Data-Driven Insights.” Journal of 

Business Research 104 (November): 69–84. 

https://www.doi.org/10.1016/j.jbusres.2019

.07.006  

Gnizy, Itzhak. 2019. “Big Data and Its Strategic 

Path to Value in International Firms.” 

International Marketing Review 36 (3): 318–

41. https://www.doi.org/10.1108/imr-09-

2018-0249  

Gölgeci, Ismail, and Serhiy Y. Ponomarov. 

2014. “How Does Firm Innovativeness 

Enable Supply Chain Resilience? The 

Moderating Role of Supply Uncertainty and 

Interdependence.” Technology Analysis & 

Strategic Management 27 (3): 267–82. 

https://www.doi.org/10.1080/09537325.201

4.971003  

Grötsch, Volker M., Constantin Blome, and 

Martin C. Schleper. 2013. “Antecedents of 

Proactive Supply Chain Risk Management – 

a Contingency Theory Perspective.” 

International Journal of Production Research 

51 (10): 2842–67. 

https://www.doi.org/10.1080/00207543.201

2.746796  

https://doi.org/10.17270/J.LOG.001035
https://www.doi.org/10.1108/md-01-2018-0119
https://www.doi.org/10.1108/md-01-2018-0119
https://www.doi.org/10.1016/j.ijpe.2019.107599
https://www.doi.org/10.1016/j.ijpe.2019.107599
https://www.doi.org/10.1080/00207543.2019.1582820
https://www.doi.org/10.1080/00207543.2019.1582820
https://www.doi.org/10.1080/00207543.2020.1712491
https://www.doi.org/10.1080/00207543.2020.1712491
https://www.doi.org/10.1016/j.ijpe.2020.107972
https://www.doi.org/10.1016/j.ijpe.2020.107972
https://www.doi.org/10.1016/s0065-2601(08)60051-9
https://www.doi.org/10.1016/s0065-2601(08)60051-9
https://www.doi.org/10.2307/3150980
https://www.doi.org/10.1016/j.ijpe.2014.12.031
https://www.doi.org/10.1016/j.ijpe.2014.12.031
https://www.doi.org/10.1016/j.jbusres.2019.07.006
https://www.doi.org/10.1016/j.jbusres.2019.07.006
https://www.doi.org/10.1108/imr-09-2018-0249
https://www.doi.org/10.1108/imr-09-2018-0249
https://www.doi.org/10.1080/09537325.2014.971003
https://www.doi.org/10.1080/09537325.2014.971003
https://www.doi.org/10.1080/00207543.2012.746796
https://www.doi.org/10.1080/00207543.2012.746796


Feng M., Zhou M., Matejun M., 2024. Big Data Capability and Supply Chain Performance: Mediating effect of 

Supply Chain Resilience and Moderating Effect of Environmental Uncertainty. LogForum 20 (2), 243-262, 

https://doi.org/10.17270/J.LOG.001035  

258 

Gu, Minhao, Lu Yang, and Baofeng Huo. 2020. 

“The Impact of Information Technology 

Usage on Supply Chain Resilience and 

Performance: An Ambidexterous View.” 

International Journal of Production 

Economics, October, 107956. 

https://www.doi.org/10.1016/j.ijpe.2020.10

7956  

Gunasekaran, Angappa, Thanos Papadopoulos, 

Rameshwar Dubey, Samuel Fosso Wamba, 

Stephen J. Childe, Benjamin Hazen, and 

Shahriar Akter. 2017. “Big Data and 

Predictive Analytics for Supply Chain and 

Organizational Performance.” Journal of 

Business Research 70 (January): 308–17. 

https://www.doi.org/10.1016/j.jbusres.2016

.08.004  

Gupta, Manjul, and Joey F. George. 2016. 

“Toward the Development of a Big Data 

Analytics Capability.” Information & 

Management 53 (8): 1049–64. 

https://www.doi.org/10.1016/j.im.2016.07.0

04  

Gupta, Shivam, Surajit Bag, Sachin Modgil, 

Ana Beatriz Lopes de Sousa Jabbour, and 

Ajay Kumar. 2022. “Examining the 

Influence of Big Data Analytics and 

Additive Manufacturing on Supply Chain 

Risk Control and Resilience: An Empirical 

Study.” Computers & Industrial Engineering 

172 (October): 108629. 

https://www.doi.org/10.1016/j.cie.2022.108

629  

Gupta, Shivam, Sachin Modgil, Regis 

Meissonier, and Yogesh K. Dwivedi. 2021. 

“Artificial Intelligence and Information 

System Resilience to Cope with Supply 

Chain Disruption.” IEEE Transactions on 

Engineering Management, 1–11. 

https://www.doi.org/10.1109/tem.2021.311

6770  

Hasani, Aliakbar, and Amirhossein Khosrojerdi. 

2016. “Robust Global Supply Chain 

Network Design under Disruption and 

Uncertainty Considering Resilience 

Strategies: A Parallel Memetic Algorithm 

for a Real-Life Case Study.” Transportation 

Research Part E: Logistics and 

Transportation Review 87 (March): 20–52. 

https://www.doi.org/10.1016/j.tre.2015.12.0

09  

Hayes, Andrew F. 2015. “An Index and Test of 

Linear Moderated Mediation.” Multivariate 

Behavioral Research 50 (1): 1–22. 

https://www.doi.org/10.1080/00273171.201

4.962683  

Hofmann, Erik. 2015. “Big Data and Supply 

Chain Decisions: The Impact of Volume, 

Variety and Velocity Properties on the 

Bullwhip Effect.” International Journal of 

Production Research 55 (17): 5108–26. 

https://www.doi.org/10.1080/00207543.201

5.1061222  

Hopkins, Michael S. 2011. “Big Data, Analytics 

and the Path from Insights to Value.” MIT 

Sloan Management Review 52 (2): 21–22. 

Huo, Baofeng, Xiande Zhao, and Honggeng 

Zhou. 2013. “The Effects of Competitive 

Environment on Supply Chain Information 

Sharing and Performance: An Empirical 

Study in China.” Production and Operations 

Management 23 (4): 552–69. 

https://www.doi.org/10.1111/poms.12044  

Ivanov, Dmitry, Jennifer Blackhurst, and Ajay 

Das. 2021. “Supply Chain Resilience and Its 

Interplay with Digital Technologies: Making 

Innovations Work in Emergency Situations.” 

International Journal of Physical 

Distribution & Logistics Management 51 (2): 

97–103. 

https://www.doi.org/10.1108/ijpdlm 03-

2021-409. 

Ivanov, Dmitry, Alexandre Dolgui, and Boris 

Sokolov. 2018. “The Impact of Digital 

Technology and Industry 4.0 on the Ripple 

Effect and Supply Chain Risk Analytics.” 

International Journal of Production Research 

57 (3): 829–46. 

https://www.doi.org/10.1080/00207543.201

8.1488086  

https://doi.org/10.17270/J.LOG.001035
https://www.doi.org/10.1016/j.ijpe.2020.107956
https://www.doi.org/10.1016/j.ijpe.2020.107956
https://www.doi.org/10.1016/j.jbusres.2016.08.004
https://www.doi.org/10.1016/j.jbusres.2016.08.004
https://www.doi.org/10.1016/j.im.2016.07.004
https://www.doi.org/10.1016/j.im.2016.07.004
https://www.doi.org/10.1016/j.cie.2022.108629
https://www.doi.org/10.1016/j.cie.2022.108629
https://www.doi.org/10.1109/tem.2021.3116770
https://www.doi.org/10.1109/tem.2021.3116770
https://www.doi.org/10.1016/j.tre.2015.12.009
https://www.doi.org/10.1016/j.tre.2015.12.009
https://www.doi.org/10.1080/00273171.2014.962683
https://www.doi.org/10.1080/00273171.2014.962683
https://www.doi.org/10.1080/00207543.2015.1061222
https://www.doi.org/10.1080/00207543.2015.1061222
https://www.doi.org/10.1111/poms.12044
https://www.doi.org/10.1108/ijpdlm
https://www.doi.org/10.1080/00207543.2018.1488086
https://www.doi.org/10.1080/00207543.2018.1488086


Feng M., Zhou M., Matejun M., 2024. Big Data Capability and Supply Chain Performance: Mediating effect of 

Supply Chain Resilience and Moderating Effect of Environmental Uncertainty. LogForum 20 (2), 243-262, 

https://doi.org/10.17270/J.LOG.001035  

259 

Jain, Vipul, Sameer Kumar, Umang Soni, and 

Charu Chandra. 2017. “Supply Chain 

Resilience: Model Development and 

Empirical Analysis.” International Journal 

of Production Research 55 (22): 6779–6800. 

https://www.doi.org/10.1080/00207543.201

7.1349947  

Jüttner, Uta, and Stan Maklan. 2011. “Supply 

Chain Resilience in the Global Financial 

Crisis: An Empirical Study.” Supply Chain 

Management: An International Journal 16 

(4): 246–59. 

https://www.doi.org/10.1108/13598541111

139062  

Kache, Florian, and Stefan Seuring. 2017. 

“Challenges and Opportunities of Digital 

Information at the Intersection of Big Data 

Analytics and Supply Chain Management.” 

International Journal of Operations & 

Production Management 37 (1): 10–36. 

https://www.doi.org/10.1108/ijopm-02-

2015-0078  

Kitchens, Brent, David Dobolyi, Jingjing Li, 

and Ahmed Abbasi. 2018. “Advanced 

Customer Analytics: Strategic Value 

through Integration of Relationship-

Oriented Big Data.” Journal of Management 

Information Systems 35 (2): 540–74. 

https://www.doi.org/10.1080/07421222.201

8.1451957  

Kraaijenbrink, Jeroen, J.-C. Spender, and Aard 

J. Groen. 2010. “The Resource-Based View: 

A Review and Assessment of Its Critiques.” 

Journal of Management 36 (1): 349–72. 

https://www.doi.org/10.1177/01492063093

50775  

Laguir, Issam, Sachin Modgil, Indranil Bose, 

Shivam Gupta, and Rebecca Stekelorum. 

2022. “Performance Effects of Analytics 

Capability, Disruption Orientation, and 

Resilience in the Supply Chain under 

Environmental Uncertainty.” Annals of 

Operations Research, January. 

https://www.doi.org/10.1007/s10479-021-

04484-4  

Lee, Sang M, and Jin Sung Rha. 2016. 

“Ambidextrous Supply Chain as a Dynamic 

Capability: Building a Resilient Supply 

Chain.” Management Decision 54 (1): 2–23. 

https://www.doi.org/10.1108/md-12-2014-

0674  

Li, Lei, Ting Chi, Tongtong Hao, and Tao Yu. 

2016. “Customer Demand Analysis of the 

Electronic Commerce Supply Chain Using 

Big Data.” Annals of Operations Research 

268 (1-2): 113–28. 

https://www.doi.org/10.1007/s10479-016-

2342-x  

Li, Xun, Qun Wu, Clyde W. Holsapple, and 

Thomas Goldsby. 2017. “An Empirical 

Examination of Firm Financial Performance 

along Dimensions of Supply Chain 

Resilience.” Management Research Review 

40 (3): 254–69. 

https://www.doi.org/10.1108/mrr-02-2016-

0030  

Matthias, Olga, Ian Fouweather, Ian Gregory, 

and Andy Vernon. 2017. “Making Sense of 

Big Data – Can It Transform Operations 

Management?” International Journal of 

Operations & Production Management 37 

(1): 37–55. 

https://www.doi.org/10.1108/ijopm-02-

2015-0084  

McAfee, Andrew, and Erik Brynjolfsson. 2012. 

“Big Data: The Management Revolution.” 

Harvard Business Review 90 (10): 60–66, 68, 

128. 

Mikalef, Patrick, Maria Boura, George Lekakos, 

and John Krogstie. 2019a. “Big Data 

Analytics Capabilities and Innovation: The 

Mediating Role of Dynamic Capabilities and 

Moderating Effect of the Environment.” 

British Journal of Management 30 (2): 272–

98. https://www.doi.org/10.1111/1467-

8551.12343  

———. 2019b. “Big Data Analytics and Firm 

Performance: Findings from a Mixed-

Method Approach.” Journal of Business 

Research 98 (2): 261–76. 

https://www.doi.org/10.1016/j.jbusres.2019

.01.044  

https://doi.org/10.17270/J.LOG.001035
https://www.doi.org/10.1080/00207543.2017.1349947
https://www.doi.org/10.1080/00207543.2017.1349947
https://www.doi.org/10.1108/13598541111139062
https://www.doi.org/10.1108/13598541111139062
https://www.doi.org/10.1108/ijopm-02-2015-0078
https://www.doi.org/10.1108/ijopm-02-2015-0078
https://www.doi.org/10.1080/07421222.2018.1451957
https://www.doi.org/10.1080/07421222.2018.1451957
https://www.doi.org/10.1177/0149206309350775
https://www.doi.org/10.1177/0149206309350775
https://www.doi.org/10.1007/s10479-021-04484-4
https://www.doi.org/10.1007/s10479-021-04484-4
https://www.doi.org/10.1108/md-12-2014-0674
https://www.doi.org/10.1108/md-12-2014-0674
https://www.doi.org/10.1007/s10479-016-2342-x
https://www.doi.org/10.1007/s10479-016-2342-x
https://www.doi.org/10.1108/mrr-02-2016-0030
https://www.doi.org/10.1108/mrr-02-2016-0030
https://www.doi.org/10.1108/ijopm-02-2015-0084
https://www.doi.org/10.1108/ijopm-02-2015-0084
https://www.doi.org/10.1111/1467-8551.12343
https://www.doi.org/10.1111/1467-8551.12343
https://www.doi.org/10.1016/j.jbusres.2019.01.044
https://www.doi.org/10.1016/j.jbusres.2019.01.044


Feng M., Zhou M., Matejun M., 2024. Big Data Capability and Supply Chain Performance: Mediating effect of 

Supply Chain Resilience and Moderating Effect of Environmental Uncertainty. LogForum 20 (2), 243-262, 

https://doi.org/10.17270/J.LOG.001035  

260 

———. 2020. “The Role of Information 

Governance in Big Data Analytics Driven 

Innovation.” Information & Management 57 

(7): 103361. 

https://www.doi.org/10.1016/j.im.2020.103

361  

Mikalef, Patrick, and John Krogstie. 2018. “Big 

Data Governance and Dynamic Capabilities:  

The Moderating Effect of Environmental  

Uncertainty.” PACIS 2018 Proceedings, 

June. https://aisel.aisnet.org/pacis2018/206  

Mikalef, Patrick, John Krogstie, Ilias O. Pappas, 

and Paul Pavlou. 2019. “Exploring the 

Relationship between Big Data Analytics 

Capability and Competitive Performance: 

The Mediating Roles of Dynamic and 

Operational Capabilities.” Information & 

Management 57 (2). 

https://www.doi.org/10.1016/j.im.2019.05.0

04  

Min, Hokey. 2019. “Blockchain Technology for 

Enhancing Supply Chain Resilience.” 

Business Horizons 62 (1): 35–45. 

https://www.doi.org/10.1016/j.bushor.2018.

08.012  

Nunnally, Jum C, and Ira H Bernstein. 1994. 

“Psychometric Theory.” American 

Educational Research Journal 5 (3): 678–85. 

https://www.doi.org/10.2307/1161962  

Preacher, Kristopher J., Derek D. Rucker, and 

Andrew F. Hayes. 2007. “Addressing 

Moderated Mediation Hypotheses: Theory, 

Methods, and Prescriptions.” Multivariate 

Behavioral Research 42 (1): 185–227. 

https://www.doi.org/10.1080/00273170701

341316  

Rajesh, R. 2016. “Forecasting Supply Chain 

Resilience Performance Using Grey 

Prediction.” Electronic Commerce Research 

and Applications 20 (November): 42–58. 

https://www.doi.org/10.1016/j.elerap.2016.

09.006  

———. 2017. “Technological Capabilities and 

Supply Chain Resilience of Firms: A 

Relational Analysis Using Total Interpretive 

Structural Modeling (TISM).” 

Technological Forecasting and Social 

Change 118 (May): 161–69. 

https://www.doi.org/10.1016/j.techfore.201

7.02.017  

Rice, James B, and Federico Caniato. 2003. 

“Building a Secure and Resilient Supply 

Network.” Supply Chain Management 

Review 7: 22–30. 

https://www.proquest.com/trade-

journals/building-secure-resilient-supply-

network/docview/221137244/se-

2?accountid=36206  

Sanders, Nada R. 2016. “How to Use Big Data 

to Drive Your Supply Chain.” California 

Management Review 58 (3): 26–48. 

https://www.doi.org/10.1525/cmr.2016.58.3

.26  

Schoenherr, Tobias, and Cheri Speier-Pero. 

2015. “Data Science, Predictive Analytics, 

and Big Data in Supply Chain Management: 

Current State and Future Potential.” Journal 

of Business Logistics 36 (1): 120–32. 

https://www.doi.org/10.1111/jbl.12082  

Scholten, Kirstin, Mark Stevenson, and Dirk 

Pieter van Donk. 2019. “Dealing with the 

Unpredictable: Supply Chain Resilience.” 

International Journal of Operations & 

Production Management 40 (1): 1–10. 

https://www.doi.org/10.1108/ijopm-01-

2020-789  

Shan, Siqing, Yiting Luo, Yuan Zhou, and 

Yigang Wei. 2018. “Big Data Analysis 

Adaptation and Enterprises’ Competitive 

Advantages: The Perspective of Dynamic 

Capability and Resource-Based Theories.” 

Technology Analysis & Strategic 

Management 31 (4): 406–20. 

https://www.doi.org/10.1080/09537325.201

8.1516866  

Shashi, Piera Centobelli, Roberto Cerchione, 

and Myriam Ertz. 2019. “Managing Supply 

Chain Resilience to Pursue Business and 

Environmental Strategies.” Business 

Strategy and the Environment 29 (3): 1215–

46. https://www.doi.org/10.1002/bse.2428  

https://doi.org/10.17270/J.LOG.001035
https://www.doi.org/10.1016/j.im.2020.103361
https://www.doi.org/10.1016/j.im.2020.103361
https://aisel.aisnet.org/pacis2018/206
https://www.doi.org/10.1016/j.im.2019.05.004
https://www.doi.org/10.1016/j.im.2019.05.004
https://www.doi.org/10.1016/j.bushor.2018.08.012
https://www.doi.org/10.1016/j.bushor.2018.08.012
https://www.doi.org/10.2307/1161962
https://www.doi.org/10.1080/00273170701341316
https://www.doi.org/10.1080/00273170701341316
https://www.doi.org/10.1016/j.elerap.2016.09.006
https://www.doi.org/10.1016/j.elerap.2016.09.006
https://www.doi.org/10.1016/j.techfore.2017.02.017
https://www.doi.org/10.1016/j.techfore.2017.02.017
https://www.proquest.com/trade-journals/building-secure-resilient-supply-network/docview/221137244/se-2?accountid=36206
https://www.proquest.com/trade-journals/building-secure-resilient-supply-network/docview/221137244/se-2?accountid=36206
https://www.proquest.com/trade-journals/building-secure-resilient-supply-network/docview/221137244/se-2?accountid=36206
https://www.proquest.com/trade-journals/building-secure-resilient-supply-network/docview/221137244/se-2?accountid=36206
https://www.doi.org/10.1525/cmr.2016.58.3.26
https://www.doi.org/10.1525/cmr.2016.58.3.26
https://www.doi.org/10.1111/jbl.12082
https://www.doi.org/10.1108/ijopm-01-2020-789
https://www.doi.org/10.1108/ijopm-01-2020-789
https://www.doi.org/10.1080/09537325.2018.1516866
https://www.doi.org/10.1080/09537325.2018.1516866
https://www.doi.org/10.1002/bse.2428


Feng M., Zhou M., Matejun M., 2024. Big Data Capability and Supply Chain Performance: Mediating effect of 

Supply Chain Resilience and Moderating Effect of Environmental Uncertainty. LogForum 20 (2), 243-262, 

https://doi.org/10.17270/J.LOG.001035  

261 

Sheffi, Y. 2005. “Building a Resilient Supply 

Chain.” Harvard Business Review Supply 

Chain Strategy 1 (8). 

http://scholar.google.com/scholar?hl=en&bt

nG=Search&q=intitle:Building+a+Resilient

+Supply+Chain#1  

Singh, Nitya Prasad, and Shubham Singh. 2019. 

“Building Supply Chain Risk Resilience.” 

Benchmarking: An International Journal 26 

(7): 2318–42. 

https://www.doi.org/10.1108/bij-10-2018-

0346  

Srinivasan, Ravi, and Morgan Swink. 2017. 

“An Investigation of Visibility and 

Flexibility as Complements to Supply Chain 

Analytics: An Organizational Information 

Processing Theory Perspective.” Production 

and Operations Management 27 (10): 1849–

67. 

https://www.doi.org/10.1111/poms.12746  

Teece, David J., Gary Pisano, and Amy Shuen. 

1997. “Dynamic Capabilities and Strategic 

Management.” Strategic Management 

Journal 18 (7): 509–33. 

https://www.doi.org/10.1002/(SICI)1097-

0266(199708)18:7%3C509::AID-

SMJ882%3E3.0.CO;2-Z  

Tukamuhabwa, Benjamin R., Mark Stevenson, 

Jerry Busby, and Marta Zorzini. 2015. 

“Supply Chain Resilience: Definition, 

Review and Theoretical Foundations for 

Further Study.” International Journal of 

Production Research 53 (18): 5592–5623. 

https://www.doi.org/10.1080/00207543.201

5.1037934  

Um, Juneho, and Neungho Han. 2020. 

“Understanding the Relationships between 

Global Supply Chain Risk and Supply Chain 

Resilience: The Role of Mitigating 

Strategies.” Supply Chain Management: An 

International Journal ahead-of-print (ahead-

of-print). https://www.doi.org/10.1108/scm-

06-2020-0248  

Wamba, Samuel Fosso, Angappa Gunasekaran, 

Shahriar Akter, and Rameshwar Dubey. 

2019. “The Performance Effects of Big Data 

Analytics and Supply Chain Ambidexterity: 

The Moderating Effect of Environmental 

Dynamism.” International Journal of 

Production Economics 222 (September). 

https://www.doi.org/10.1016/j.ijpe.2019.09.

019  

Wamba, Samuel Fosso, Angappa Gunasekaran, 

Shahriar Akter, Steven Ji-fan Ren, 

Rameshwar Dubey, and Stephen J. Childe. 

2017. “Big Data Analytics and Firm 

Performance: Effects of Dynamic 

Capabilities.” Journal of Business Research 

70 (1): 356–65. 

https://www.doi.org/10.1016/j.jbusres.2016

.08.009  

Wang, Gang, Angappa Gunasekaran, Eric W.T. 

Ngai, and Thanos Papadopoulos. 2016. “Big 

Data Analytics in Logistics and Supply 

Chain Management: Certain Investigations 

for Research and Applications.” 

International Journal of Production 

Economics 176 (June): 98–110. 

https://www.doi.org/10.1016/j.ijpe.2016.03.

014  

Williams, Brent D., Joseph Roh, Travis Tokar, 

and Morgan Swink. 2013. “Leveraging 

Supply Chain Visibility for Responsiveness: 

The Moderating Role of Internal Integration.” 

Journal of Operations Management 31 (7-8): 

543–54. 

https://www.doi.org/10.1016/j.jom.2013.09.

003  

Wong, Chee Yew, Sakun Boon-itt, and 

Christina W.Y. Wong. 2011. “The 

Contingency Effects of Environmental 

Uncertainty on the Relationship between 

Supply Chain Integration and Operational 

Performance.” Journal of Operations 

Management 29 (6): 604–15. 

https://www.doi.org/10.1016/j.jom.2011.01.

003  

https://doi.org/10.17270/J.LOG.001035
http://scholar.google.com/scholar?hl=en&btnG=Search&q=intitle:Building+a+Resilient+Supply+Chain#1
http://scholar.google.com/scholar?hl=en&btnG=Search&q=intitle:Building+a+Resilient+Supply+Chain#1
http://scholar.google.com/scholar?hl=en&btnG=Search&q=intitle:Building+a+Resilient+Supply+Chain#1
https://www.doi.org/10.1108/bij-10-2018-0346
https://www.doi.org/10.1108/bij-10-2018-0346
https://www.doi.org/10.1111/poms.12746
https://www.doi.org/10.1002/(SICI)1097-0266(199708)18:7%3C509::AID-SMJ882%3E3.0.CO;2-Z
https://www.doi.org/10.1002/(SICI)1097-0266(199708)18:7%3C509::AID-SMJ882%3E3.0.CO;2-Z
https://www.doi.org/10.1002/(SICI)1097-0266(199708)18:7%3C509::AID-SMJ882%3E3.0.CO;2-Z
https://www.doi.org/10.1080/00207543.2015.1037934
https://www.doi.org/10.1080/00207543.2015.1037934
https://www.doi.org/10.1108/scm-06-2020-0248
https://www.doi.org/10.1108/scm-06-2020-0248
https://www.doi.org/10.1016/j.ijpe.2019.09.019
https://www.doi.org/10.1016/j.ijpe.2019.09.019
https://www.doi.org/10.1016/j.jbusres.2016.08.009
https://www.doi.org/10.1016/j.jbusres.2016.08.009
https://www.doi.org/10.1016/j.ijpe.2016.03.014
https://www.doi.org/10.1016/j.ijpe.2016.03.014
https://www.doi.org/10.1016/j.jom.2013.09.003
https://www.doi.org/10.1016/j.jom.2013.09.003
https://www.doi.org/10.1016/j.jom.2011.01.003
https://www.doi.org/10.1016/j.jom.2011.01.003


Feng M., Zhou M., Matejun M., 2024. Big Data Capability and Supply Chain Performance: Mediating effect of 

Supply Chain Resilience and Moderating Effect of Environmental Uncertainty. LogForum 20 (2), 243-262, 

https://doi.org/10.17270/J.LOG.001035  

262 

Wong, Christina W.Y., Taih-Cherng Lirn, 

Ching-Chiao Yang, and Kuo-Chung Shang. 

2020. “Supply Chain and External 

Conditions under Which Supply Chain 

Resilience Pays: An Organizational 

Information Processing Theorization.” 

International Journal of Production 

Economics 226 (August): 107610. 

https://www.doi.org/10.1016/j.ijpe.2019.10

7610  

Xie, Wiehong, Gao Liu, and Tianhui Wang. 

2016. “Study on the Concept, Dimensions of 

Big Data Capacity, the Relationship between 

Group Control.” Science and Technology 

Management Research 36 (14): 170–77. 

https://www.doi.org/10.3969/j.issn.1000-

7695.2016.14.030  

Xu, Song, Xiaotong Zhang, Lipan Feng, and 

Wenting Yang. 2020. “Disruption Risks in 

Supply Chain Management: A Literature 

Review Based on Bibliometric Analysis.” 

International Journal of Production Research 

58 (11): 3508–26. 

https://www.doi.org/10.1080/00207543.202

0.1717011  

Yuan, Yaqin, and Wei Li. 2022. “The Effects of 

Supply Chain Risk Information Processing 

Capability and Supply Chain Finance on 

Supply Chain Resilience: A Moderated and 

Mediated Model.” Journal of Enterprise 

Information Management ahead-of-print 

(ahead-of-print). 

https://www.doi.org/10.1108/jeim-09-2021-

0383  

Zhao, Yunhui, Taiwen Feng, and Hongbo Shi. 

2018. “External Involvement and Green 

Product Innovation: The Moderating Role of 

Environmental Uncertainty.” Business 

Strategy and the Environment 27 (8): 1167–

80. https://www.doi.org/10.1002/bse.2060  

Zhou, Jie, Lingyu Hu, Yubing Yu, Justin 

Zuopeng Zhang, and Leven J. Zheng. 2022. 

“Impacts of IT Capability and Supply Chain 

Collaboration on Supply Chain Resilience: 

Empirical Evidence from China in COVID-

19 Pandemic.” Journal of Enterprise 

Information Management, August. 

https://www.doi.org/10.1108/jeim-03-2022-

0091  

 

 

Mengying Feng    ORCID ID: https://orcid.org/0000-0001-5000-0293 

School of Economics and Management,  

Chongqing Jiaotong University, Chongqing, China 

Faculty of Business and Law,  

Roehampton University, London, United Kingdom 

e-mail:  1956882359@qq.com  

Corresponding author 

 

Mengsha Zhou    ORCID ID: https://orcid.org/0009-0009-6698-6486 

Chongqing Three Gorges Vocational College, Chongqing, China 

e-mail: m18883942882@163.com 

 

Marek Matejun     ORCID ID: https://orcid.org/0000-0003-4885-2344 

Faculty of Management,  

University of Lodz, Lodz, Poland 

e-mail: marek.matejun@uni.lodz.pl  

https://doi.org/10.17270/J.LOG.001035
https://www.doi.org/10.1016/j.ijpe.2019.107610
https://www.doi.org/10.1016/j.ijpe.2019.107610
https://www.doi.org/10.3969/j.issn.1000-7695.2016.14.030
https://www.doi.org/10.3969/j.issn.1000-7695.2016.14.030
https://www.doi.org/10.1080/00207543.2020.1717011
https://www.doi.org/10.1080/00207543.2020.1717011
https://www.doi.org/10.1108/jeim-09-2021-0383
https://www.doi.org/10.1108/jeim-09-2021-0383
https://www.doi.org/10.1002/bse.2060
https://www.doi.org/10.1108/jeim-03-2022-0091
https://www.doi.org/10.1108/jeim-03-2022-0091
https://orcid.org/0000-0001-5000-0293
mailto:1956882359@qq.com
https://orcid.org/0009-0009-6698-6486
mailto:m18883942882@163.com
https://orcid.org/0000-0003-4885-2344
mailto:marek.matejun@uni.lodz.pl

